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Application of PSO-BP Network Algorithm in Solving Motion Elements
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Abstract In order to improve the calculation precision of the motion elements of the measured target, a PSO-BP neural net-
work algorithm is proposed to solve motion elements. The algorithm uses the particle swarm optimization algorithm as the learning
algorithm of the BP neural network to improve the global convergence and convergence speed of the BP network, And the observed
moving target parameters are used as the input of PSO-BP neural network. The orientation of the moving target is taken as the main
output, the azimuth value of the moving target is compared with the expected value of the error, and the weight of the BP network
is modified as the input of the PSO, and then the high precision BP neural network is obtained. Through the simulation calculation
of the algorithm, the results show that the precision and speed of the motion elements calculation can be improved, especially the
moving azimuth can be improved by 0. 128°.
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Fig. 2 BP network training curve
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Table 1 Initialization parameter

table of PSO-BP network
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Fig. 5 PSO-BP network training error
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